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Abstract: Brain-computer interface ( BCI) refers to the creation of a direct connection between the human brain
and an external device to realize the exchange of information between the brain and the device. There are differ-
ent methods clinicians can use to monitor brain activity, and electroencephalogram ( EEG) has been used as the
most common method to measure brain activity, with high temporal resolution, portability, and ease of use. For
people with severe movement disorders, brain-computer interfaces become a viable human-machine interface that
allows these patients to interact with the outside world, helping to improve their quality of life. It is different from
the traditional way of rehabilitation and can fully mobilize the patient’s enthusiasm for training. This paper re-

views the recent research results and EEG data sets in the field of brain-computer interface, hoping to promote
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the development of stroke rehabilitation in neuroscience.

Key words: brain-computer interface; electroencephalogram; datasets; stroke; motor imagery
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*£[FH (event-related desynchronization, ERD) , HLMBEZTF iz 36 ERD A M[” o ERD %F1E.
ERD 43253 T2 Bl T 14 1) %2 3 B2 J2 19 Rolandic o 54t (8 ~12 Hz) #1 Rolandic B 157 ({4 %
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A BRI G FL - LR BB AR 22—, 78 —30k . G\l R 1) 3 55 2R DA K8 B 2 M0 T, S A 5K
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TR 2R B R DS HERYE . Riccio 557 0T T 1 2 1 FHCAZaS AR AE 2 1l 22 T P300 #9 BCI J5 I
FIREIR, JFH Aricod 28 SIESE T P300 75 & B A A B IR e PR AR AR, & BCT Hh il 1 A v 1 1
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P300 Bi4E, BT “REE” LRPIER, LRS5HE (250 BFERILE) BEERE 1~9 ik
B MeEIr IR, RE, ZiEBBEOHET, G5 E RS LRELHE B 1~9 EE,
S E FEAEL SR S R S 14 A7 R R B AL T AR B A B, XS S B R L,
HRPZERL AN BCT ATURAR L T 8K A AT AT B SR 4 A . Simoes 265 HEH T BCIAUT-P300 4%
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HLEZE (SSVEP-BCI) PR A5 v ) A% 4 3 3 1 EL AT et I i 3t , ARLZE B0 A5 of SSVEP-BCIT i
PR/ Liu 2809 $2 T — N1 ) 2 4F A B SSVEP-BCI A8 BE v B8t P, %808 2l 2K 11 100 44 2 4F
S5 64 3838 EEG A, JFEXT 13 PSRBT LA/ 0T, B0UE T IR EE P Y 5 RV AE
BOK X SSVEP-BCI &MU EXREE , EAMIFTIEY, BCT R L AR AR5 i L%
PESE T T4 4R A BCT RGBT AL AL AEIERT . 2021 4F, Zhu 269 3 T — 45T SSVEP
1) BCI BB s 5, 2 8s SR AE AN [R) 7 T F5E 5T SSVEP (1 BCIL AHFE S LA IEN . Bk,
X BEHE AT IR 2 5 o T I & FPEAE SSVEP A A7 33, FLuk, R b il e 7 5 ok Oy 32 R 3 e
JiETREA B TR 255 BCT, RN TR EdE; Bn, TR ERR L, mEdEE T Dk —
BT BCI AL GE3 504, Renton 458 HE I T — AR ML Bk iU 2k, BBk A 30 4 f#
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9, Wilson 5 2 H T — MR R E R RBRARIEE, 0 12 43 5%, il 124 4 EEG i
ARGk, X AT BCIMICRIMRAS, LLRAEiE LSRR R AR A B0, S0 4y B kA . R
P IR T R L

AL, A A R AR B I, s (RIS it s 45 (EAR— ARG, Treder
R E R (HRLR R ST E A A 3 AR ) 1E I — Rl A 30 2 T BCI, Wang
S OB AR A I T R T H N AR Y TR BN LB IV SE BCT, 4% 8 SpiralE, X AT 3D etk
YRR T RIS, I B T A I 2 TR R 2 W ) R

N —_—
3 REER
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SR R RIS AR &, DAL BCT H45R, XA A9 BCT ZEvERME . (5 B8 A
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55 4 1 R b 5 #HA EE

ST RE A R LRSI ] 5 AR 2 S g b T4 Hh TR & BCI 7 3% 22 A 2 VAN 2 2 R Ik 8] D7 T (@
FRT SSVEP-BCL, TEASRMAFFEH, AT L b fL A s il 7y w48 i 22 BCL M7 AL, TR T8 s iy
YRR A AN R g, Dtk — B E TR, Pichiorri %55 R AR M A v 5 1w 85 R T LA
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Bt g ] LSCBL Al EEG i s iR shABUE 3 -2 70 2805 B2 5 il G TR TE DR P25 70 2k
FEPLAERHEZE ;. 52U IE EEG BRI, 2 DXIFRETE 1Y EEG $0d 5 IR sh8di i) 46 W mT RL™= A4E A
L2 3 MG B, 3] RO A% 5 1 5T igi HL /Y MI-BCIL,
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FHZTE, MI-BCI =00 Tz sh D BEbi e 85 55 HAN TG A0 S, A0 a4 ol B R OR o 5C
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T ES 5 H AT RSN R sl . W8 P300 Ju X ER R &, (HAR TR L, An]
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R R G, ERVERERY I, W g 2l E A R AR AL . H RTATIAS T (] 38E Y ) 8, 7E I IR
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